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AI has moved from experimentation to execution. As organizations shift from "AI-
curious" to "AI-serious" in 2026, the competitive edge is no longer access to Large 
Language Models — it is the ability to deploy agentic productivity: AI systems that 
can execute multi-step workflows across tools, data, and teams. 
Across our internal research with 1,600+ respondents, we observe a persistent 
Execution Gap: leadership ambition is outpacing the operational, ethical, and 
technical infrastructure required to sustain safe, high-ROI adoption. 

 

Three signals define the moment:  

  

EXECUTIVE SUMMARY 

 

Governance Vacuum 

While ~47% of 
companies are pushing 
immediate AI adoption, 
~47% still lack a formal 
governance framework 
— creating retrospective 
costs and regulatory 
exposure. 

Shadow AI 

Employee usage is 
outpacing policy 
maturity, driving privacy 
and security to the top 
concern and increasing 
the risk of uncontrolled 
data leakage. 

A Human Stack Deficit 

While the technical stack 
is increasingly ready, skills 
(prompting, verification,  
workflow redesign), 
decision rights, and 
accountable operating 
models remain under 
developed 
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AI readiness is not a technology milestone; it is an operating-model capability. 
Organizations become AI-ready when they can repeatedly convert AI into business 
outcomes safely and at scale — with clear decision rights, risk-tiered governance, 
safe experimentation environments, and workforce habits embedded into daily 
work. 
This paper sets out (1) what AI readiness means for boards and executive 
committees, (2) the maturity signals and their implications, and (3) a practical 
pathway to move from “AI sprinkles” (isolated pilots) to deep AI transformation. 

 

 

 

  

AI readiness is not a technology milestone; it is an operating-model capability. 
Organizations become AI-ready when they can repeatedly convert AI into 
business outcomes safely and at scale — with clear decision rights, risk-tiered 
governance, safe experimentation environments, and workforce habits 
embedded into daily work. 
 

This paper sets out:  

(1) what AI readiness means for boards and executive committees  

(2) the maturity signals and their implications 

(3) a practical pathway to move from “AI sprinkles” (isolated pilots) to deep AI 
transformation 

Our Point of View 
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AI adoption is no longer a centrally orchestrated transformation. It is a decentralized, 
employee-led wave that is already reshaping how work gets done, often faster than 
organizations can govern it. This differs from prior technology cycles in three ways: 

 

 

 

 

 

 

In this environment, "AI readiness" is not a technology checkpoint. It is an enterprise 
capability: the ability to convert AI into measurable outcomes repeatedly, safely, and 
at scale. 

 

 

 

 

 

 

 

 

This paper consolidates our point of view and converts the maturity findings into an 
executive storyline: what's happening, why it matters, what could go wrong, and 
what leaders should do now. 

01. WHY AI READINESS IS NOW A LEADERSHIP 
PRIORITY 

1 Governance & Accountability 
Decision rights, risk tiering, oversight cadence. 

2 Security & Privacy 
Controls fit to AI-specific exposure. 

4 Operating Model & Talent 
Repeatable delivery engine, skills, enablement. 

5 Adoption & Change 
Workflow redesign, behaviors, and trust. 

Adoption is frictionless AI influences decisions, 
not just tasks 

Value depends on trust 

Generative AI tools can 
be used immediately 
with minimal 
onboarding. This 
compresses the time 
between "awareness" and 
"enterprise exposure" to 
weeks, not quarters. 

AI is increasingly 
embedded in judgment-
heavy activities. When AI 
shapes decisions, the risk 
profile shifts from 
operational to legal, 
ethical, regulatory, and 
reputational. 

AI at scale is not primarily 
constrained by model 
performance. It is 
constrained by whether 
leaders, employees, 
customers, and 
regulators trust how AI is 
used. 

3 Data & Platforms 
Interoperability, safe experimentation, operationalization. 



6 
 

 

 

Our thesis 

AI readiness is the enterprise’s ability to scale AI into repeatable outcomes with speed 
and safety—through fit-for-purpose governance, accountable operating design, and 
workforce adoption grounded in trust. 

What this means in practice 

An organization is AI-ready when it can answer—clearly and consistently—five 
fundamental questions: 

Five readiness questions 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

What we do not believe 
 
 
 
 
 
 
 
 
 

Operating principle 

AI readiness is an operating discipline, and organizations that treat it that way will 
scale faster — with fewer setbacks.  

02. WHAT WE MEAN BY AI READINESS 

Q1 Where is AI being used today? 
(tools, models, use cases, owners, data touched) 

Q2 What risks are we taking? 
(tiered by impact, with explicit risk acceptance) 

Q3 Who is accountable? 
(for outcomes, controls, and ongoing performance) 

Q4 How do we scale value? 
(repeatable delivery, reusable components, measured adoption) 

AI readiness is not achieved by 
launching more pilots. 

It is not primarily a technology stack 
problem. 

It is not solved by writing policies 
that cannot be executed. 

It is not a centralized program that can 
keep pace with decentralized usage. 

Q5 How do we prevent incidents and rework? 
(security, privacy, compliance, monitoring) 
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The most important meta-pattern is not any single score. It is the directional 
mismatch between how quickly AI is being adopted, and how slowly governance, 
skills, accountability, and safe operating infrastructure are maturing. 
 
AI readiness maturity scores across all dimensions 
Scale: 1.0 = Not in place / 5.0 = Fully embedded – Source: 1,600+ respondents 
  

03. THE FINDINGS: WHAT THE MATURITY 
SIGNALS ARE REALLY TELLING US 
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3.1 The governance vacuum vs. rapid adoption 

Many organizations are planning immediate adoption while lacking formal 
governance. The implication is straightforward: the organization is scaling capability 
without building the control plane. 
This is not only a risk issue; it is a value issue. Without governance and decision rights, 
leaders cannot scale reliably. They can only experiment. 

 

 

 
Adoption Intent vs. Governance Maturity 

 

3.2 Shadow AI is already systemic 

The gap between GenAI usage and GenAI policy readiness signals “Shadow AI” — 
employees using tools outside enterprise visibility. This is the most direct pathway to 
privacy, confidentiality, and IP leakage, and it explains why data privacy and security 
is consistently the top concern. 
 

 
 
Shadow AI: The Usage-Policy Gap 

Leadership Insight 

Shadow AI is typically not misconduct; it is unmet demand. People adopt what helps 
them do their jobs. If safe options are absent or slow, unsanctioned adoption 
becomes the default. 

 
 

Planning immediate 
AI adoption 

~47% 
Governance not “in 
place” or early / ad hoc 57% Governance 

framework avg. 
maturity score 

1.12/5 

Usage readiness score 1.77/5 Policy readiness score 1.03/5 Cite privacy and 
security as top concern ~60% 



9 
 

3.3 Strategy-execution disconnect creates pilot gridlock 

Leadership has a vision, but roles/responsibilities and decision rights are unclear. This 
creates a predictable pattern: 

3.4 Skills are the silent blocker (especially prompting & verification) 

Low readiness for prompt practices and training matters more than it looks. GenAI is 
probabilistic: the same prompt can produce varying quality. Without training in task 
framing, constraints, and verification, organizations get: 
• low-quality outputs 
• hallucination-driven errors 
• inconsistent performance 
• and ultimately distrust 
Distrust is expensive: it stalls adoption, increases review overhead, and drives leaders 
toward overly conservative restrictions that reintroduce Shadow AI. 
 

 

 

3.5 Data quality is local; scale requires enterprise discipline 

Data quality often appears stronger than standardized collection processes. This 
suggests siloed readiness: pockets of good data, but fragile enterprise foundations. 
Scaling AI requires interoperability: common definitions, governance, lineage, and 
repeatable pipelines—especially when use cases cross departments. 
 

 
 

3.6 Cyber confidence is real, but misaligned to AI exposure 

Organizations may rate cybersecurity posture relatively high, yet data privacy and 
security remain the top concern. This is a critical signal: traditional cybersecurity 
controls do not fully cover AI-specific risks such as data leakage through prompts, 
uncontrolled retrieval, or third-party model behavior. 
 

 
 

 

 

Prompt training average 
score 
 

1.15/5 Reported as mostly / 
fully in place 

13% 

Data quality readiness 2.15/5 Standardized data 
collection 

1.88/5 

Cybersecurity readiness 2.15/5 Still cite it as top 
concern ~60% 
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3.7 Missing sandboxes force unsafe innovation or slow innovation 

Tech stack readiness can be higher than sandbox availability. That leads to a binary 
failure mode: teams experiment in risky environments (exposure), or teams avoid 
experimentation (stagnation). Both outcomes reduce enterprise competitiveness. 
 

 
 

 

 

3.8 ROI anxiety reflects missing industrialization capability 

“People & ROI” is often a top concern while operating model readiness (e.g., 
enablement hubs/CoEs) remains low. This is the paradox: organizations want 
outcomes without building the engine that produces outcomes repeatedly.  

3.9 Regulatory understanding lags adoption speed 

Readiness to understand and operationalize emerging regulation is lagging 
adoption speed. Notably, the EU AI Act and adjacent global guidance are raising the 
bar on transparency, risk management, documentation, and auditability — and 
many procurement processes are already enforcing these expectations even outside 
the EU. Organizations that build models and agents without lifecycle documentation 
and controls risk future “compliance debt”: costly rework, forced decommissioning, 
or blocked deployments. 
 

 
 

3.10 Mid-market outperformance shows the operating reality 

Mid-sized companies often move faster due to lower legacy debt and faster change 
execution. The lesson for large enterprises is not “be smaller.” It is: design for agility 
via domain ownership, reusable platforms, and governance that accelerates—not 

Tech stack readiness 2.25/5 Safe experimentation 
environment 

1.52/5 

Experiments In Risky Environment Avoid Experimentation Entirely 
Data exposure risk Competitive stagnation 

Regulatory readiness 
avg. 1.35/5 Reported as mostly / 

fully 
in place 

~19% 
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blocks—execution. In the data, organizations with 201–1,000 employees show the 
strongest overall maturity profile. 
 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
  

Figure 1: Readiness maturity scores across employee-based segments 
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4.1 The organization is already exposed — visibility is now a 
prerequisite 

• If Shadow AI exists, and current signals strongly suggest that it does, the 
enterprise is already exposed.  

• That exposure may include:  
o sensitive information entering uncontrolled tools  
o inconsistent customer-facing outputs  
o undocumented decision support  
o IP leakage and contractual breaches  

• The immediate leadership priority is not to stop AI adoption.  
• The priority is to make safe AI easier than unsafe AI and establish visibility 

quickly.  
• Strategic actions should include:  

o establishing an AI tool and use-case ledger  
o creating rapid visibility mechanisms  
o prioritizing safe enablement over prohibition 

4.2 Without decision rights, scale will stall regardless of funding 

• Many organizations have ambition and funding, but lack clarity on decision 
ownership.  

• Four critical questions must be answered:  
o Who approves a use case?  
o Who owns the process change?  
o Who accepts residual risk?  
o Who funds productization and long-term operations?  

• AI programs rarely fail because of insufficient budget.  
• More often, they fail because authority and accountability are unclear.  
• When decision rights are not explicit:  

o pilots proliferate  
o ownership becomes fragmented  
o scaling becomes slow, political, and inconsistent 

4.3 Governance is not overhead—it is the mechanism for speed 

• Governance is often seen as a constraint, but in practice it is an enabler of 
speed.  

• Effective governance creates momentum by ensuring that:  
o teams know what they are allowed to do  
o approvals are predictable  
o risk treatment is consistent  

04. IMPLICATIONS: WHAT THIS MEANS FOR 
LEADERSHIP AND THE ENTERPRISE 
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o standards are reusable  
o leaders can scale successful initiatives with confidence  

• The absence of governance does not create speed.  
• It creates fragility, rework and avoidable incidents  
• The leadership objective should not be lighter governance, but better 

governance 

4.4 Workforce capability will determine value realization 

• AI success will not be defined by model access alone.  
• It will depend on:  

o how quickly employees learn to use AI effectively  
o how reliably teams verify outputs  
o how well workflows are redesigned to capture productivity gains  

• When workforce capability lags:  
o output quality declines  
o trust erodes  
o adoption stalls  

• Capability building is therefore not a support activity; it is central to value 
realization 

4.5 AI readiness is a system — partial fixes will fail 

• Organizations often respond to AI pressure through isolated interventions 
such as:  

o writing a policy  
o buying an enterprise copilot  
o creating a small AI team  
o running a training session  

• These actions can help, but none is sufficient on its own.  
• AI readiness is created only when the following work together as one system:  

o governance  
o delivery  
o platform readiness  
o talent  
o adoption  

• Partial interventions may create activity, but they do not create readiness.  
• Value scales only when these capabilities are integrated across the enterprise 
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The goal is to frame risk in leadership language — so mitigation becomes a business 
decision, not a technical debate. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

  

05. THE RISKS: WHAT CAN GO WRONG, AND 
WHY IT MATTERS 

LIKELIHOOD 

Figure 2: AI risk heat map showing priority mitigation areas based on relative impact and likelihood 

Figure 3: Comparative Risk Severity Index showing the relative severity of major AI risks 
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5.1 Data Privacy, Confidentiality & IP Leakage 

 
 

Employees paste sensitive information into public tools. Confidential documents are 
used in retrieval systems without access discipline. Vendor terms allow training or 
retention that conflicts with confidentiality obligations. Model outputs inadvertently 
reveal restricted content. 

 
 

• Regulatory breaches (privacy laws) 
• Contractual violations (customer and partner agreements) 
• Reputational harm and loss of trust 
• Loss of competitive advantage through IP leakage 

 

 

 

 

5.2 Hallucinations & Reliability Failures 

 
 
Incorrect summaries in reporting or compliance artifacts. Customer-facing 
misinformation. Flawed recommendations used in judgment-heavy workflows. Errors 
that are hard to detect because outputs “sound right.” 

 
 

• Direct financial loss and operational mistakes 
• Customer harm and reputational damage 
• Legal exposure where AI influences decisions 

 

 

 

 

 

 

WHAT IT LOOKS LIKE 

WHY IT MATTERS 

MITIGATION PRINCIPLE 

Make safe behaviour the default through sanctioned tools, clear rules by data type, and 
monitoring. Over-restricting tools increases Shadow AI. 

WHAT IT LOOKS LIKE 

WHY IT MATTERS 

MITIGATION PRINCIPLE 

Treat reliability as contextual. Low-risk productivity use cases tolerate more error; high-impact 
decisions require stronger controls (verification, human oversight, grounded sources, and 
monitoring). 
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5.3 Bias, Unfair Outcomes & Discriminatory Effects 

 
 
Biased language or recommendations in HR or customer processes. Systematic 
differences in outcomes across groups. Opaque decision support with no explainability 
or appeal. 
 

 

• Reputational harm 
• Litigation and regulatory scrutiny 
• Erosion of employee and customer trust 

 

 

 

 

5.4 AI-Specific Security Vulnerabilities 

 
 
Prompt injection causing systems to disclose restricted info. Agent tools being misused 
(e.g., sending emails, executing transactions). Retrieval systems pulling from unsafe or 
irrelevant sources. Data poisoning through corrupted inputs. 
 
 

• New attack surfaces not covered by traditional controls 
• Systemic exposure when AI is embedded across workflows 

 

 

 

 

5.5 Third-Party & Model Supply-Chain Risk 

 
 
Reliance on a model provider without portability. Model behavior changes over time 
(updates, drift, policy changes). Unclear subprocesser chains. Unpredictable costs as 
usage scales. 
 
 
 

WHAT IT LOOKS LIKE 

WHY IT MATTERS 

MITIGATION PRINCIPLE 

Apply risk-tiered scrutiny: the closer AI gets to decisions affecting people's rights and access, 
the stronger the governance and testing required. 

WHAT IT LOOKS LIKE 

WHY IT MATTERS 

MITIGATION PRINCIPLE 

Secure-by-design patterns: least privilege, tool allowlists, controlled connectors, testing/red-
teaming for high-risk systems, and ongoing monitoring. 

WHAT IT LOOKS LIKE 
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• Resilience and continuity risk 
• Financial and contract risk 
• Loss of control over critical capabilities 

 

 

 

 

5.6 Regulatory & Compliance Debt 

 
 
AI solutions deployed without documentation, audit trails, or oversight. Inability to 
explain how AI was used in a decision. Later forced rework when regulations tighten. 
 
 

• Retroactive remediation costs 
• Blocked deployments and reputational impact 
• Procurement barriers with regulated customers 

 
 

 

 

  

WHY IT MATTERS 

WHAT IT LOOKS LIKE 

WHY IT MATTERS 

MITIGATION PRINCIPLE 

Build “just enough” documentation and governance into the lifecycle early — so compliance 
becomes scalable rather than an afterthought. 

MITIGATION PRINCIPLE 

Visibility and governance across vendors, with clear accountability for selection, terms, and 
ongoing risk. 
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"Leadership faces a false choice: move fast or govern well. The right approach is Safe 
Speed — building governance that accelerates adoption, while simultaneously 
building the operating capability to deliver outcomes repeatedly." 

We recommend a three-pillar framework for deep AI transformation: 

 

 

 

 

 

 

 

 

 

 

The AI-Ready Enterprise System 

Two parallel capabilities — Control Plane and Delivery Engine — governed by three pillars 

06. OUR RECOMMENDED APPROACH: CLOSE 
THE READINESS GAP WHILE SCALING VALUE 

F FRAMEWORK DIAGRAM – ENTERPRISE ARCHITECTURE 

 

01 
Informed Governance 
Move from "ban AI" to a 
holding position and then 
mature governance. 
Establish risk tiering 
(low/medium/high impact), 
an approval pathway for 
high-stakes use cases, and a 
single ledger of 
tools/models/use cases and 
the data they touch. 

Establish an AI Core / Center 
of Excellence (CoE) reporting 
to the C-suite to own 
platforms, sandboxes, 
reusable patterns, and the 
lifecycle from build to 
monitoring. Define decision 
rights so initiatives do not 
stall in pilot purgatory. 

Build practical workforce 
capability through "AI 
Gyms" (habit-based 
learning) and role-specific 
enablement so employees 
move from basic prompting 
to expert-level agentic 
orchestration, grounded 
verification, and workflow 
redesign. 

02 
Operational Accountability 

03 
Cultural Literacy 

Figure 4: Enterprise AI operating model linking governance, risk, and compliance controls with delivery capabilities required to scale AI with 
confidence 
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Capability One: The AI Control Plane 

The AI Control Plane provides the governance, risk management, and security foundations required 
to enable the safe use of AI across a heterogeneous environment. It ensures that AI adoption is 
controlled, accountable, and compliant as usage scales.  

Capability Two: The AI Delivery Engine 

The AI Delivery Engine provides the execution capability needed to convert AI into measurable 
business outcomes. It enables repeatable delivery, accelerates value realization, and compounds ROI 
over time through structured execution and adoption.  

 
  

CORE MESSAGE 

ROI is not discovered; it is engineered. Governance is not overhead; it is the mechanism for 
predictable speed 
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This pathway is designed for executive clarity. It can be run as a phased 10-week AI 
challenge to build governance, operating muscle, and lasting habits — while 
delivering early wins. 

 
10-Week Value & Readiness Trajectory 
Expected progression across governance maturity and value delivery over the transformation arc 

 

07. TRANSFORMATION PATHWAY: FROM 
STABILIZATION TO RESPONSIBLE SCALE 

Week 1–3 Week 4–7 Week 8–10+ 

Phase 1 - Stabilize 

The Holding Position 
Make AI safe to use today — 
surface Shadow AI, regain 
visibility, and preserve 
productivity. 

➢ Immediate guidance by data 
type (what is safe to share; 
what is prohibited; escalation 
paths). 

➢ A sanctioned toolset that 
makes safe usage easier than 
unsafe usage. 

➢ A first-pass AI tool and use-
case ledger (owners, data 
touched, risk tier). 

 

Phase 2 - Transform 
End Pilot Purgatory 
Convert pilots into production 
outcomes with clear 
accountability and a safe 
experimentation 
environment. 

➢ Establish the AI Core / CoE 
and decision rights (approve, 
fund, productize, retire). 

➢ Stand up a technical sandbox 
for experimentation and 
evaluation (no production 
exposure). 

➢ Target a “10-hour-per-week of 
capacity recapture” by 
automating repetitive 
workflows using agents and tool 
integrations. 

Phase 3 - Scale 

AI-Forward 
Shift from individual 
productivity to process and 
cultural transformation. 

➢ Role-based enablement and 
AI Gyms to sustain literacy 
and quality (prompting, 
verification, orchestration). 

➢ Risk-tiered governance 
embedded into delivery and 
procurement, aligned to 
evolving regulation. 

➢ A heterogeneous AI 
environment (multiple models 
and tools) governed by a 
consistent control plane. 

 

Figure 5: Readiness and value trajectory across a three-phase AI transformation 
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A mature AI-ready organization exhibits these characteristics: 

 

  

08. WHAT "GOOD" LOOKS LIKE: THE TARGET 
STATE NARRATIVE 

 

 

Enterprise Visibility 
Leaders know where AI is used and 
what data it touches. 

 

 

Scalable Value 
AI outcomes are measured, adoption 
is managed, and benefits compound. 

 

 

Clear Accountability 
Every material use case has an owner 
and an approval pathway. 

 

 

Risk-Tiered Governance 
Stricter controls for higher-impact 
decisions; lightweight controls for 
low-risk productivity. 

 

 

Operational Discipline 
Systems are monitored, updated, and 
improved over time. 

 

 

Workforce Capability 
Users apply AI with skill; approvers 
understand risk; builders follow 
repeatable patterns. 

Figure 6: Core characteristics of a mature AI-ready organization required to scale AI 
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The maturity findings do not indicate that organizations are failing. They indicate 
something more important: organizations are behaving rationally in a new 
senvironment moving fast to capture value but doing so without the institutional 
mechanisms required to scale safely. 
 
 
 
 
 
 
 
 

“This is how organizations shift from ‘AI adoption’ to ‘AI advantage.’” 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

09. THE CORE MESSAGE 

AI readiness is operating-
model readiness. 

The key gap is not ambition; 
it is accountability, 
governance, and 
repeatability. 

The path forward is to build 
the AI control plane and AI 
delivery engine in parallel—
so the organization moves 
fast without unmanaged 
exposure. 
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Thank You For 
Being Part of Our 

Journey 

W E B  |  E M A I L  

W  :  w w w . v j a l . a i  

E   :  c o n s u l t i n g @ v j a l . a i  


